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*  GAN(Generative Adversarial Network)

“The Artist”
A neural network trying to >
create pictures of cats that

look real.

DISCRIMINATOR
“The Art Critic”
A neural network examining >
cat pictures to determine if
they're real or fake.

DISCRIMINATOR -«
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FHIZO! A

- D] =0 A XM 7| =l stable DiffusionOfl CH3F & Bt &(2023.1.13.)
*  Stable Diffusion 20223 0] = A| = text to image Al & & &

« 3219 OtE|AE T} stability Al AHOf| CHSH X2 H ESH &= O F = 2t class action Af| 7|

- Getty |mages7|‘ %:la' 5'4 |:||—_|_:|"O'||A-| Stable Diffusionoﬂ EH-(ISH I-I J£|I-:rl'|_'I 7S6H ig— 7(|_I-6é|£!(202':)>. 1.17. I:él-__g__)

- Stable Diffusion?] 7| =X L &

« diffusion H| =2 4 (2015)

t=0 t=1 t=T

£ - \
‘ Y L
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FHIZO! A

- Stable Diffusion2| 7|=& L| &

* Interpolation with latent images(2020)

Diffused source
X, ~ ax, | Xo)

Denoised
interpolation

Image

"B manifold 4’4l S 7t Interpolation®l 215 1 8(F2 A ghA)10F L O|=
- s FRAE LES DE(=FH 8 2)0] XA 2HE0 A
Source x. Pixel-space Source x|, EEH2E FA X X E

interpolation

A
A w0l 2 20



FHIZ Q! A

- Stable Diffusion2| 7| =X L &
* Conditioning with text prompts(2022)

* Text prompts: “a dog wearing a baseball cap while eating ice cream”

Only the dog in the lower left seems to be
eating ice cream. The two on the right seem
to be eating meat, not ice cream.
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- O|= GitHub Copilot RITtA S AFE|(2022. 11.3. 2K 7])
« OpenAl= GPT-3 22 =S O[83510] Codex2t= ZE At
+  GitHub Copilot= CodexE 7
2~ AESSSSHOH=Z ALE5IRZ
«  GitHub, Microsoft, OpenAlZS & CH £ class actionO| X| 7| &
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I:I
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S = CDPA 1988 (Copyright, Designs, Patent Act)E & 1St X= 745}

.IL
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